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Abstract: The autonomous learning of reward distribution between two agents has been proposed. By this learning, each

agent who learns its action by reinforcement learning decides how much reward the agent gives to the other one.

In this

paper, conflicts in multi-agent system are classified, and the condition, under which the reward distribution is required, is
introduced at first. Then the reward distribution learning is extended to more than two-agent case.  Finally, this algorithm
is applied to athree-agent problem, and some interesting strategies among the agents could be observed.
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